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Résumé : In large-scale scenarios like for example, ad-click prediction, text and gene classification,
much attention has been given to the deployment of linear models, mostly due to their simplicity
and efficiency. In such scenarios, the vector representation of data is often sparse and the size of
the feature space exceeds the size of the available training examples. Also, in several applications
constraints in both space and test-time prediction may apply making cumbersome the maintenance
of large models. For instance, for the DMOZ dataset of the LSHTC challenge which contains over
27,000 classes and over half a million of features a linear model would require approximately 124 Gb
of memory [2]. Besides this, many features in such datasets are correlated or uninformative and can
harm the performance of a predictive model. In this project, we aim to study a simple yet effective
method for sparsifying a posteriori linear models for large-scale text classification. The objective is to
maintain high performance while reducing the prediction time by producing very sparse models. This
is especially important in real-case scenarios where one deploys predictive models in several machines
across the network and constraints apply on the prediction time.
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